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StableSR SuperGaussian
LLFF X 8 downsampled and X 4 upsampled
Method PSNRT SSIM1T LPIPS| NIQE| MEt3R] FID|
SuperGaussian 23.054 0.725 0.296 4.553 0.541 51.199
: T S Single image super-resolution (SISR) DiSR-NeRF 22.504 0.697 0.310 6.293 0.518 54.138
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* Cross-view inconsistency

MipNeRF360 X 8 downsampled and X 4 upsampled
Method PSNRT SSIMT LPIPS] NIQE| MEt3R] FID|
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‘ - o L9se f|ne_gra|.ned details b : = e S EE = SuperGaussian 25.252 0.725 0.303 4.694 0.675 32.652
| Ll e Time consuming . . StableSR 24.313 0.700 0.326 5.177 0.644 44.174
Input LR StableSR SuperGaussian DiSR-NeRF 3DSR (Ours) Groundtruth 3DSR (Ours) 26.097 0.746 0.222 5065 0.625 79 438



